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Abstract

The availability of open datasets and code repositories has transformed the accessibility of
artificial intelligence (Al) and machine learning (ML), enabling organizations across sectors
—including non-profits—to experiment, learn, and deploy data-driven solutions at low cost.
This Teaching Paper provides a curated overview of major dataset sources such as Kaggle,
UCI, and Google Dataset Search, alongside repositories of code examples including
TensorFlow, PyTorch, and Hugging Face. For non-profits, these resources serve as essential
entry points into data analysis, predictive modeling, and natural language processing
without requiring high levels of prior expertise or infrastructure. The paper situates these
resources in broader discussions of digital inclusion and organizational capacity-building,
offering a practical guide, a case study of application, and reflections on challenges and
limitations. By bridging technical tools with social impact practice, this resource empowers

practitioners to explore data-driven innovation responsibly and effectively.
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Executive Summary

Non-profits often face barriers to data-driven innovation due to resource and capacity
constraints. However, open datasets (e.g., Kaggle, UCI, Google Dataset Search) and public
code examples (e.g., TensorFlow Tutorials, Hugging Face Model Hub) lower these barriers
significantly. These resources support both academic inquiry and real-world practice by
offering reliable, ready-to-use materials for learning and experimentation. Academics
benefit from improved reproducibility and accessibility in research; practitioners gain

practical tools for enhancing decision-making, program evaluation, and service delivery.

Purpose and Learning Objectives

This Teaching Paper introduces accessible data and code resources for AI/ML practice in the

non-profit sector. By the end, readers will be able to:
1. Identify key repositories of datasets and code examples.
2. Understand their relevance for non-profit problem-solving.

3. Explore pathways for integrating these resources into programmatic and research

activities.

4. Recognize challenges of data quality, context relevance, and sustainability.

Background and Context

The integration of open data into organizational practice has been widely recognized as a
driver of innovation (Bryson, 2018). Drucker (1990) emphasized the role of knowledge
resources in non-profit effectiveness, while Patton (2008) highlighted data utilization as key
to adaptive evaluation. In the Al era, curated datasets and community-driven repositories of
code examples democratize access to sophisticated methods, but their value depends on
contextual adaptation and ethical use. Non-profits can leverage these resources to bridge

gaps in capacity and explore new possibilities for service delivery and research.

Practical Guide

20f6



Sample Data Sets

 Kaggle Datasets: Community-driven platform offering diverse datasets across

domains.

*  UCI Machine Learning Repository: Classic source for ML experimentation, often

used in education and research.
*  Google Dataset Search: Search engine for discovering publicly available datasets.
*  AWS Public Datasets: Cloud-hosted collections supporting large-scale analysis.

*  Microsoft Azure Open Datasets: Curated datasets optimized for machine learning

applications.

Code Examples and Repositories

e TensorFlow Examples: Practical scripts for image recognition, NLP, and predictive

modeling.
e PyTorch Tutorials: Comprehensive lessons for rapid learning and implementation.

* scikit-learn Examples: Accessible scripts for regression, clustering, and

classification tasks.
 Keras Code Examples: Model templates for deep learning prototyping.

*  Hugging Face Model Hub: Pre-trained NLP models with accompanying code for

adaptation.

*  Google Colab Notebooks: Publicly shared Jupyter notebooks with executable code.

Case Study

A small education-focused NGO in South Asia wanted to predict student dropout risks in its
after-school programs. Staff accessed a Kaggle dataset on student performance and adapted
scikit-learn example scripts through Google Colab. Without investing in expensive
infrastructure, the NGO built a simple logistic regression model to flag at-risk students,
allowing targeted interventions. This pilot improved program efficiency and demonstrated

the value of combining open datasets with code repositories for real-world impact.
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Common Challenges and Tips

e  Challenge: Data relevance and cultural fit.

Tip: Adapt open datasets carefully to reflect local realities.

*  Challenge: Technical learning curve.

Tip: Begin with guided tutorials (e.g., PyTorch Tutorials, Colab notebooks).

e  Challenge: Limited computational resources.
Tip: Use cloud-hosted datasets and Colab’s free GPU.

*  Challenge: Data ethics and privacy.

Tip: Avoid using sensitive datasets without anonymization or consent.

Reflection Questions

1.  Which dataset sources are most relevant for your organization’s mission area?
2.  How could publicly available code repositories accelerate your AI/ML adoption?
3. What risks arise from applying externally sourced datasets to local contexts?

4. How might partnerships with universities or tech communities enhance effective use

of these resources?

Limitations and Considerations

Open datasets may not fully reflect the cultural, demographic, or contextual realities of
specific communities. Code examples are designed for demonstration and may require
significant adaptation for production use. Overreliance on external datasets can perpetuate
bias or misrepresent local needs. Responsible use requires contextual adaptation,

stakeholder consultation, and transparent reporting.

Academic Value
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By linking open-source resources to non-profit innovation, this paper contributes to both
practice and scholarship. It highlights how access to curated datasets and code repositories
enhances reproducibility in academic research and empowers non-profits to pursue digital
transformation. The emphasis on adaptation and ethics positions this resource as a bridge

between Al methodology and social impact practice.

Conclusion and Next Steps

Open datasets and code repositories lower the barriers to Al adoption in the non-profit
sector. The next steps involve building local data ecosystems, training staff to adapt
examples responsibly, and fostering collaborations that contextualize global resources for
local needs. With careful use, these resources can catalyze sustainable, evidence-based

innovation.
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